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Setting

Domain Adaptation: address distribution shifts across datasets/scenarios



CVPR2025



Base Method

CLIP

Prompt Learning



Motivation

1. Source prompt includes domain-invariant embedding;

2. The transferability varies based on their similarity;

3. The visual embeddings for each class tend to form a single cluster in

the embedding space;

4. Due to false pseudo-labels, the trained text embedding acts as a

prototype or centroid may fail to represent the entire cluster.



Method

Prompt Learning with Source Domains



Method

Prompt Learning with Target Domain

1. Source prompt includes domain-invariant embedding;

2. The transferability varies based on their similarity



Method

Clustering Refined by Optimal Transport

3. The visual embeddings for each class tend to form a single cluster

in the embedding space;

4. Due to false pseudo-labels, the trained text embedding acts as a

prototype or centroid may fail to represent the entire cluster.



Results



Ablation

CPL: CLIP zero-shot

SPL: enhanced pseudo-labels derived from

the source domains

LW strongly depends on the initial predictions
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Motivation

Considering the ViL model/space as a noisy proxy of the

latent domain-invariant space, with a need to be denoised.

Exploit the dynamics of domain adaptation process.



Method

Proxy Confidence Theory

Case1: 

Case2: 

the impact of errors gradually increases



Method

Proxy Confidence Theory

The effect of ViL model’s prediction error  is

approximately reflected by the discrepancy between

the source domain and the current in-training model

=proxy confidence * probability distribution



Method

Proxy Confidence Theory Proof





Method

Proxy denoising



Method

Mutual knowledge distilling



Results&Ablation


